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International New

York Times

1.First Page
2.World News : Europe, Asia, United 3.States
4.Style
5.0pinion
6.Culture : Art, Television, Books
7.Sports
8.Business (Dealbook)
2016/7/21

The New York

Times

1.First Page
2.International
3.National
4. Weather Report
5.New York
6.Editorials/letters
7.Business Day: dealbook, automobiles, market gauges
8.SportsFriday
9.WeekendArts I : Movies | Performances, The Listings
10.WeekendArts 11 : Fine Arts | Leisure
2016/7/15

the guardian

LB R

1.News
2.National :Special report
3.International
4 Financial
S.journal : the long readlopinionlreviews
6.obituaries
7.education
8.theguardianjobs
9.weather
10.sport
11.shortcuts
12.women
13.style Q&A
14. TV & radios
15.puzzles & crossword
2016/7/19
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https://tw.news.yahoo.com/asia-australia/
https://tw.news.yahoo.com/china/
https://tw.news.yahoo.com/america/
https://tw.news.yahoo.com/euro-africa/
https://tw.news.yahoo.com/international-finance/
https://tw.news.yahoo.com/world--最熱門/most-popular/
https://tw.rd.yahoo.com/referurl/video/navi/world/*https:/tw.news.yahoo.com/video-allworld/
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_world_xml_park_kw1&Keywords=%E9%81%8A%E5%AD%B8
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_world_xml_park_kw2&Keywords=%E7%BE%8E%E5%9C%8B%E9%81%8A%E5%AD%B8
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_world_xml_park_kw3&Keywords=%E6%B5%B7%E5%A4%96%E5%A9%9A%E7%A6%AE
https://tw.news.yahoo.com/consumption/
https://tw.news.yahoo.com/transportation/
https://tw.news.yahoo.com/pets/
https://tw.news.yahoo.com/foods/
https://tw.news.yahoo.com/life/
https://tw.news.yahoo.com/lifestyle--最熱門/most-popular/
https://tw.news.yahoo.com/video/weather/
https://tw.rd.yahoo.com/referurl/video/navi/lifestyle/*https:/tw.news.yahoo.com/video-lifestyle/
https://tw.rd.yahoo.com/referurl/video/navi/lifestyle/*https:/tw.news.yahoo.com/video-lifestyle/
http://yahoonewsfood.tumblr.com/
https://tw.news.yahoo.com/panda-taipei/
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_lifestyle_xml_park_kw2&Keywords=%E6%AA%9C%E6%9C%A8%E6%A1%B6
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_lifestyle_xml_park_kw1&Keywords=%E5%A4%96%E7%87%B4
http://bit.ly/1Wsz7jQ
https://tw.news.yahoo.com/education/
https://tw.news.yahoo.com/art/
https://tw.news.yahoo.com/art-edu--最熱門/most-popular/
https://tw.news.yahoo.com/english-news/
https://tw.news.yahoo.com/easy-englsih-8/
https://tw.news.yahoo.com/emotional_edu/
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_art-edu_xml_park&Keywords=%E9%81%8A%E5%AD%B8%E4%BB%A3%E8%BE%A6
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_art-edu_xml_park&Keywords=%E8%8B%B1%E8%AA%9E%E5%AD%B8%E7%BF%92
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_art-edu_xml_park_kw3&Keywords=%E5%AD%B8%E8%8B%B1%E6%96%87
https://tw.news.yahoo.com/disease/
https://tw.news.yahoo.com/beauty/
https://tw.news.yahoo.com/health--最熱門/most-popular/
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_health_xml_park_kw1&Keywords=%E8%98%8B%E6%9E%9C%E8%82%8C
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_health_xml_park_kw2&Keywords=%E5%A4%96%E7%B1%8D%E7%9C%8B%E8%AD%B7
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_health_xml_park_kw3&Keywords=%E8%A4%90%E8%97%BB%E7%B3%96%E8%86%A0
https://tw.news.yahoo.com/information-3c/
https://tw.news.yahoo.com/science/
https://tw.news.yahoo.com/environment/
https://tw.news.yahoo.com/technology--最熱門/most-popular/
https://tw.tech.yahoo.com/topic/
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_technology_xml_park_kw1&Keywords=%E6%B7%A8%E6%B0%B4%E5%99%A8
httpshttps://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_technology_xml_park_kw2&Keywords=%E7%B6%B2%E9%A0%81%E8%A3%BD%E4%BD%9C
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_technology_xml_park_kw3&Keywords=%E7%A1%AC%E7%A2%9F%E6%95%91%E6%8F%B4
https://tw.news.yahoo.com/foods/
https://tw.news.yahoo.com/travel--最熱門/most-popular/
https://tw.travel.yahoo.com/search/topic?query=%E9%81%94%E4%BA%BA%E5%B8%B6%E4%BD%A0%E7%8E%A9
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_travel_xml_park_kw1&Keywords=%E9%A6%99%E6%B8%AF%E4%BD%8F%E5%AE%BF
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_travel_xml_park_kw2&Keywords=%E8%A8%82%E6%88%BF%E7%B3%BB%E7%B5%B1
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_travel_xml_park_kw3&Keywords=%E6%9D%B1%E4%BA%AC%E9%A3%AF%E5%BA%97
https://tw.news.yahoo.com/comics/
https://tw.news.yahoo.com/video-funnews/
https://tw.news.yahoo.com/news-package/
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_odd_xml_park_kw1&Keywords=%E6%BE%B3%E9%96%80%E4%BD%8F%E5%AE%BF
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_odd_xml_park_kw2&Keywords=%E7%BE%8E%E7%99%BD%E7%89%99%E9%BD%92
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_odd_xml_park_kw3&Keywords=%E6%B0%A3%E5%A2%8A%E7%B2%89%E9%A4%85
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https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_odd_xml_park_kw3&Keywords=%E6%B0%A3%E5%A2%8A%E7%B2%89%E9%A4%85
https://tw.news.yahoo.com/video-entertainment/
https://tw.news.yahoo.com/video-general/
https://tw.news.yahoo.com/video-lifestyle/
https://tw.news.yahoo.com/video-politics/
https://tw.news.yahoo.com/video-finance/
https://tw.news.yahoo.com/video-sports/
https://tw.news.yahoo.com/video-allworld/
https://tw.news.yahoo.com/video-yahooexclusive/
https://tw.news.yahoo.com/video-funnews/
https://tw.news.yahoo.com/katiecouric/
https://tw.news.yahoo.com/election2016/talktogether/
https://embed.4gtv.tv/news/%E6%B0%91%E8%A6%96%E6%96%B0%E8%81%9E.html
https://tw.linkspot.search.yahoo.com/sales/ysmlist.php?Partner=yahoo_tw_news_entertainment_xml_park&Keywords=%E9%9F%B3%E6%B3%A2%E6%8B%89%E7%9A%AE
https://tw.news.yahoo.com/blogs/society-watch/
https://tw.news.yahoo.com/blogs/culture/
https://tw.news.yahoo.com/blogs/trend/
https://tw.news.yahoo.com/blogs/young-opinion/
https://tw.news.yahoo.com/blogs/for-young/
http://news.pchome.com.tw/weather/
http://news.pchome.com.tw/celebrity
http://news.pchome.com.tw/lottery.php
http://news.pchome.com.tw/video
http://news.pchome.com.tw/today
http://news.pchome.com.tw/column/
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e (&F ) 0.5=Cronbach a % # <0.7
v E (% 8) 0.7 =Cronbach a % # <0.9
L ov i 0.9=Cronbach a % #c

z ~ B %ﬁilik\""r

BRPIR DL K BV HER L LT EAEEIRHR AR ELT R AT (@
*OE R AT (TR AR R o B A eniE B KRS S L BR T T2
ek g 0 HiB B L B R 2 B a0k e F)& (common factor) o 3t & iR R IE 2. 7
FEFEY UERIEEL BHEG c BFEFFAITE T RIIT BB KMO &
Barlett = 2 & -
KMO & 8 g bl A 452 2558 o B B @B @ e A TR E L3 7 o
KMO i /A% 0F| 12 B » Z AR IR A FHREL G ARG ek > F 2R F o
@ Barlett skt T 40 2 B onip Ml 7 oak Al 0 2 ¥ g
2 Brenip b Ay o RIEA T TR EE G RS gLk -
AFTOREE S SANMS R FHBEEFAT LR R U I EALH

¥ %17 53 K %2 KMO &1 Barlett 3% 4] & = i@ o

59



Z 17~ 2 ¥2 KMO &2 il 2 &

Kaiser-Meyer-Olkin | Bartlett FVEKIE % E SEEM
EEyIEER | EURIT A
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a. True Positive, TP : 3| % Positive » 3% 5 I &
b. False Positive, FP : g ] 5 Positive » % % % 45:%
c. True Negative, TN : Ff | 5 Negative » %% 5 & f/&

d. False Negative, FN : /| 5 Negative » % % & 4%
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e

KT 2B EE R A FD

R ERAREE ko F S

RAEEL
HEFEY o
II. precision
precision & dt 2 fFFES 0 T hfa N guE g ¢ A R
B g B L S B 2 % 2 True Positive (3 & ¢

Yo B

f _+ True Positive #
€ % False Positive #ic& e o

TP

precision = m

III. recall

recall 32 %% LR EHE AR FFEIOIP § 0Ty w—gg:g'z
N E bt B o 2R E e R § Rk AL B % % 2 True Positive s § f
True Positive # & % False Negative #ic& v o

TP

N= —
recal = TPy FEN

IV. f-measure
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f-measure » 7= f % F1score & F-score © presicion ™ % recall » i #icdy

FEIIGEEHR AP E - BT R o SN E I8 B S P recall 1%

“ e f AR e presicion Y TR § 0 K L0 kA R D
i# > B precision AP ¥t § # & -+ 1t L recall hficE R § R0 o Tl 3E S F K
i# * f-measure * = presicion ' % recall 2_ T ffF o

f-measure z_ 3-8 = 3\ :

precisionXrecall

precision + recall

f- measure = 2%

V. K=t2Rr %#

VRGHIT LIRS BR AL DD F R 2T B iy en

=

BAME AT R E AR Y ¥ - Wtk & P RS S A 2 R

TR e @ K = 22 B (K-fold cross validation) & #-F 4 fsg#s ~» 5 K B+
FHRE - KB FHkas- PERAEFELZRETE A 5T

mKl]I—% %Ejltﬁp)lllﬁmﬁ‘} ‘g: '&‘71, tif‘l’ K%7 fbj\ﬁi”lﬁ o-—.LU"

KK E GRS 10

2% RmRBEAH
22 ]44291“'\%3115{?1‘—1%4"$a‘$l?pﬁiﬂ\ S v Hod s

1+
EEHA A

A BINA o - IMATELDRTAL T - AR FLRGRTALE > A

RrEE > Ay R K =t 2R B (K-fold cross-validation)$#3" 5 3L & {7 &
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% 10> ?‘J’Pﬁﬁ"% 7 10 K ) '56?‘:13_19“.%‘]"‘* i AT &‘F{Vﬂ‘l )’é- El A

®
IR EEEE S SRR SRRSO USSR PR o SRS o Y

- ‘Ji’-n/z &ﬂi’g
ipi“?ﬂi?pa%%?g’fiﬂifﬁifé v i ﬁ&"}',{ﬂ\?&# %J)xj_ié?’f —‘F*{f—?;:é”\;fi
BooXEr LBV (L326) bR FRES Y ERE Y AR LB R

® o3 B RO i 59 18 3 BB e f-measure % TR o

| Ao gkiz ok £ 32 % B P # Min_node_purity
AR 2 LR RIATRE 2 R 0 A gii%ﬁ;#ﬁtﬁf%g&}%
@Tigﬁk\idiﬁ%f' P HY - RBEELIEBRZ » F G E BRI R 4
RRRLAET B PINCD; JER A ;z%ﬁ?;éﬂ'lw,z%.zii@fﬂv\ill R Ea g
F e enip bk BE g R AKAA NG R RR] 0 A PR R R e i R
FEARR c Bl 132 £ 198 T & | WA X TZ T > HERI 2K ERAE
(2 # v % 282 %X ¥ Min_suggest score =60 ° 0=0.2)
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1.0

rate comparison

0.8}

0.6} .
A‘
' 4
0al f \_\ A AAA |
" ! \ A K A
N ', 7
S N
S \'\ e —— —a
- A A A A A kA A ..‘--"‘AI, N —o”
0.2} ! r
d &—e precision
- - recall
a--a f-measure
0.0 ' ! ' !
0.0 0.2 0.4 0.6 0.8 1.0
Min_node_purity
B 13~ K AR o 2SR P2 %R
o 19~ AW AR S B HE P ELRCREL
precision recall f-measure
0.0 0.833 0.151 0.2541
0.05 0.833 0.151 0.2541
0.1 0.833 0.151 0.2541
0.15 0.833 0.151 0.2541
0.2 0.833 0.151 0.2541
0.25 0.833 0.151 0.2541
0.3 0.833 0.151 0.2541
0.35 0.833 0.151 0.2541
0.4 0.833 0.151 0.2541
0.45 0.833 0.151 0.2541
0.5 0.824 0.162 0.2688
0.55 0.823 0.453 0.5745
0.6 0.843 0.423 0.5628
0.65 0.864 0.352 0.4967
0.7 0.868 0.284 0.4247
0.75 0.869 0.245 0.3787
0.8 0.868 0.249 0.3838
0.85 0.869 0.285 0.4256
0.9 0.859 0.296 0.4363
0.95 0.859 0.296 0.4363
1.0 0.85 0.369 0.5111
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1.0

0.8

0.6

0.4

0.2

d B 13 Fas FP ERLRDHE RS 0.0 o BRI 2
precision €% = T ¥ > recall 2 #E € B4~ tgehdk 2 > f-measure 1
HARPHEES 0.0 PFED BB B 2 {4 f-measure B4 T "% 2 FIB RIS
0.75 51k » WM RFHE < 0.75 218 f-measure * B4t = o 57 KA
BATR AW AR 2 22 AT AP AR BATE AN 2 AR
Plibdrdgnz S HREPHEE(R 144 20) 0 @ 5 Bagalz i7H

] Z2_ f-measure & -

rate comparison

H <— Sports

H+»« Travel

Art and Culture
*+—e Design

——— Health
e—e Entertainment

—¥ Family
=—=a Food

i = b = i i i i I Y i I m

0.0 0.2 0.4 0.6 0.8 1.0

Min_node_purity
Bl 14~ A AR 2 2SR PR b LR iTE 2 81 PR
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e 20~ AR SLARE PR FLAERITR S EEL

Art and Culture| Design Sports Health Entertainment Travel Family Food
0.0 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.05 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.1 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.15 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.2 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.25 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.3 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.35 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.4 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.45 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.1908
0.5 0.3638 0.081 0.0 0.1534 0.0 0.2789 0.5485 0.2678
0.55 0.3638 0.081 0.0 0.4492 0.0 0.7629 0.8152 0.8023
0.6 0.3638 0.081 0.0 0.4335 0.0 0.9173 0.8988 0.4351
0.65 0.2431 0.3174 0.0 0.4308 0.0 0.8004 0.784 0.3875
0.7 0.2595 0.4135 0.0 0.4376 0.0 0.6999 0.5454 0.3875
0.75 0.2674 0.4158 0.0241 0.4908 0.0 0.4082 0.5404 0.39
0.8 0.275 0.4464 0.0387 0.5221 0.0 0.3751 0.5377 0.39
0.85 0.2768 0.4576 0.0387 0.5261 0.0151 0.4746 0.6017 0.4615
0.9 0.276 0.5007 0.0438 0.5532 0.0151 0.4746 0.6017 0.4615
0.95 0.276 0.5007 0.0438 0.5532 0.0151 0.4746 0.6017 0.4615
1.0 0.276 0.5007 0.0438 0.5532 0.0207 0.6212 0.7339 0.6069

RS g A Bic2 € 4 fie a8k o (alpha)

€ 4 pe i fico(alpha) E_ A (T FF R ol K te P 0 A2 ATH AT AR
Bad- s fice e ? 308 g ¥ de i~ i Final_score > # == §_
dA BEARBIL AL A S o AR RS 2 E D gk § R A
Desiciontree_point - * E 4 %A e ? 2 BN H % A &
Exp_score - Hi& & = ;% § -4 {47 & Desiciontree_point fv & 4+ %8 5% ~ #ic

Exp_score & %3k + l-a M % a2 {s4ptem = o HY o A0 12 B - *

WA B E s  RRBe

Final_score = a X Exp_score + (1 — a) X Desiciontree_score
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152 420 AuEA&REI b a B2 7 i h2 it Emh (4 e

¥ % %% > Min_suggest score =50 )

rate comparison

1.0 . :
0.6} -
0.4} .
021l o—e precision i
~ — recall
A--a f-measure
0.0 1 | 1 !
0.0 0.2 0.4 0.6 0.8 1.0

alpha
Bl 15~ € A fie hdicalpha B2 %1 5 H
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% 21 ~ € A~ feiBcalpha B2 %1 B

precision recall f-measure
0.0 0.766 0.736 0.7502
0.05 0.769 0.778 0.773
0.1 0.761 0.82 0.7889
0.15 0.754 0.839 0.7938
0.2 0.752 0.854 0.7992
0.25 0.75 0.87 0.8052
0.3 0.746 0.879 0.8067
0.35 0.746 0.887 0.8101
0.4 0.744 0.894 0.8118
0.45 0.744 0.899 0.8139
0.5 0.744 0.903 0.8155
0.55 0.744 0.905 0.8163
0.6 0.74 0.908 0.8151
0.65 0.74 0.908 0.8151
0.7 0.74 0.909 0.8155
0.75 0.74 0.907 0.8147
0.8 0.74 0.906 0.8143
0.85 0.738 0.902 0.8115
0.9 0.737 0.897 0.8088
0.95 0.737 0.894 0.8077
1.0 0.737 0.893 0.8072

¥ recall ~ f-measure R 7
PR € S
- K A+ 4 Desiciontree_score $§ it
Mo g LR FERIATRREZREEN R -HE TS §ApH

KP B RS R ¥ E B

A

*

i

16~ % 22)5 2 BRERATHT 2 B oa B2 2 RFT; -

HiER 157

T 4 R 5% & #ic Exp_score (1t B fRCE GEE

WiEE g &

5 ¥ a
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C R D et ¢

7L AL

R

9 5hy

X+ 3048 B % % 2 precision 7 "F <2 484
0.0 FF > A gficle™

f-measure & o }* Hedp BT § 48R A Heens Hele St B 0 A

RO AR B S HEATR o F 2
FCay g

EHLATR AR dS § AL RS BERERR o 1T 2 {4 (W

AN



1.0

[

rate comparison

0.8
061 W
— Art and Culture
*+—e Design
0.4+ .
¥ Ramme Sports
—— Health
¥| #—e Entertainment
0.2+ .
= Travel
—v Family
=—=a Food
0 0 1 1 1 1
0.0 0.2 0.4 0.6 0.8 1.0
alpha
N\ - 22 s g S > 24 2 4
B 16~ 1€ ~ fe kficalpha B4 2 SR ATH 2 % - B 2R
+ N e 22 PR P > N > s 4
% 22~ s feizlicalpha BEH 2 MRATR 2RV B4
Art and Culture Design Sports Health Entertainment Travel Family Food
0.0 0.8192 0.6346 0.3427 0.6996 0.244 0.9173 0.899 0.8083
0.05 0.8112 0.6867 0.4364 0.7794 0.3199 0.9173 0.8996 0.8185
0.1 0.8074 0.704 0.5604 0.8345 0.3791 0.9173 0.9006 0.83
0.15 0.8074 0.7158 0.6113 0.8381 0.3946 0.9179 0.904 0.8385
0.2 0.8074 0.7219 0.6428 0.8424 0.4319 0.9194 0.9044 0.8437
0.25 0.8074 0.7253 0.6613 0.8459 0.4753 0.9214 0.9044 0.8535
0.3 0.8074 0.724 0.6761 0.8455 0.4989 0.9214 0.9052 0.8535
0.35 0.8074 0.7248 0.6923 0.8464 0.5256 0.9214 0.9046 0.8538
0.4 0.8074 0.7245 0.7059 0.8456 0.5517 0.9224 0.9046 0.8538
0.45 0.8074 0.725 0.7035 0.8459 0.5695 0.9224 0.9046 0.8553
0.5 0.8074 0.7245 0,704 0.8474 0.5816 0.9224 0.9032 0.8589
0.55 0.8074 0.7238 0.7087 0.8474 0.5794 0.9224 0.9039 0.8589
0.6 0.8074 0.7239 0.7141 0.8488 0.5868 0.9216 0.904 0.8589
0.65 0.8074 0.7248 0.7158 0.8497 0.5891 0.9203 0.9046 0.8589
0.7 0.8074 0.7293 0.7166 0.8504 0.5884 0.9201 0.9031 0.8594
0.75 0.8074 0.7294 0.7169 0.8508 0.5885 0.9158 0.901 0.8594
0.8 0.8074 0.7294 0.7197 0.8508 0.5894 0.9139 0.8998 0.8594
0.85 0.8074 0.7294 0.7193 0.8524 0.5891 0.9057 0.8982 0.8599
0.9 0.8074 0.7305 0.7192 0.8538 0.5891 0.8961 0.8937 0.8599
0.95 0.8074 0.7305 0.7192 0.8538 0.5918 0.8849 0.8939 0.8599
1.0 0.8074 0.7305 0.7301 0.8538 0.5917 0.8745 0.8925 0.8599
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I1l. #& & /™ # Min_suggest_score
W B B B ¥ 42§ A Bk Final score Ha & A v B2 B > AL EHCE

B3t B % 42 4 ¥ Final score 2 {5 0 € v* ¥448 & ® 4 Min_suggest_score>

o

Ny

F B ¥ 38 & & # Final score + »™3i & 4 F* £ Min_suggest score » P|3& & 3%
PIFTRE > F 2P F o fagt o 2o 4780 42 & 4 $ic Min_suggest score =#ic (B
HiRERA B S5 2 P E-B 17 2 4 23 B+ # F ¢ Min_suggest_score

a=2

B4R E 03] 0 f-measure 20 B2 58 o

rate comparison

1.0 —

»
0.4} N -
\ .
WA
\
\
N
0-211 e—e precision A
AN
~ — recall v
N\
a-a f-measure N
0.0 ' ' k
0 20 40 60 80 100

Min_suggest score

B 17~ 38 & 4 Min_suggest_score f&2. % i* ¥ 5§
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%

% 23~ B P Min_suggest_score B2 % it 54

precision recall f-measure
0.0 0.692 1.0 0.8175
5.0 0.694 1.0 0.8188
10.0 0.694 0.998 0.8182
15.0 0.694 0.996 0.8175
20.0 0.696 0.996 0.8189
25.0 0.7 0.993 0.8206
30.0 0.707 0.982 0.8217
35.0 0.714 0.972 0.8228
40.0 0.719 0.96 0.8218
45.0 0.73 0.938 0.8206
50.0 0.735 0.925 0.8187
55.0 0.753 0.766 0.7591
60.0 0.766 0.721 0.7425
65.0 0.774 0.686 0.7271
70.0 0.784 0.64 0.7045
75.0 0.796 0.55 0.6501
80.0 0.822 0.438 0.5711
85.0 0.836 0.335 0.4778
90.0 0.834 0.217 0.3426
95.0 0.819 0.104 0.1834
100.0 0.706 0.014 0.0271

f2 -3 § 7 AX B P precision > AP ¥4 € *F K recall PfE o FEIE *

B ] 42 & 4 #ic Min_suggest_score /] *% 85 ek in 2. T FiE A% F PFF

A FIREET TR E kA A d8 & 4 Bk Min_suggest score> & _18
BREV R OREATH I BB RS PR K ORI T T k]
42 & A B Min_suggest score % T il > K 2 > 2 H { LA E Baw
BMEE Y EEFRAES T URERIRE DEE - AFHEIAR
precision % recall 22 T ff7> R a2 B % L5 - TenmpP e v g D
L ERA i ;ﬁf g ETEZ PN F 0 FIMEH TG RE ffmeasure £ TR 23 E U

Bl 18 % £ 24 81 & BARA? B E P E 2 f-measure % I °
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rate comparison

1.0 .
f . * % % % % ¥ % 2 N

0.8[ i

0.6} .
— Art and Culture
*=—e Design

0.4} 9 .
*— Sports
—— Health
e—e Entertainment i

021 .+ « Travel 1
—v Family N
=—a Food . \

-
0.0 | 1 |
0 20 40 60 80 100

Min_suggest_score

B 18 ~ 48 & M # Min_suggest_score &%+ & #g W 37 2. % 32 5 H

4 24 ~ 35 & P Min_suggest_score B ¥t & S W ATH 2 % L B4

Art and Culture Design Sports Health Entertainment Travel Family Food
0.0 0.8204 0.7693 0.7357 0.8699 0.5773 0.9238 0.9072 0.856
5.0 0.8204 0.7693 0.7343 0.8699 0.5769 0.9238 0.9072 0.856
10.0 0.8204 0.7693 0.7343 0.8699 0.5779 0.9238 0.9072 0.856
15.0 0.8204 0.7697 0.7343 0.8695 0.5787 0.9238 0.9072 0.8567
20.0 0.8204 0.7722 0.7345 0.8695 0.5785 0.9238 0.9072 0.8574
25.0 0.8204 0.7723 0.7347 0.8695 0.5821 0.9238 0.9072 0.8586
30.0 0.8204 0.766 0.7355 0.8691 0.5811 0.9238 0.9072 0.8593
35.0 0.8204 0.7558 0.7337 0.8689 0.5704 0.9238 0.9072 0.8607
40.0 0.8204 0.7518 0.7317 0.8643 0.5702 0.9249 0.9072 0.864
45.0 0.8204 0.74 0.7164 0.858 0.5617 0.9247 0.9085 0.8658
50.0 0.8201 0.7352 0.7068 0.8388 0.549 0.9246 0.9071 0.8614
55.0 0.2194 0.699 0.6729 0.8046 0.5261 0.9116 0.9025 0.8451
60.0 0.2194 0.6646 0.6427 0.7693 0.5224 0.8972 0.896 0.8243
65.0 0.2194 0.6325 0.5993 0.7155 0.4895 0.835 0.8922 0.7899
70.0 0.2194 0.5783 0.5586 0.6394 0.4448 0.7582 0.8914 0.7317
75.0 0.0372 0.3813 0.5117 0.5071 0.4071 0.6246 0.885 0.611
80.0 0.0 0.3377 0.3735 0.3118 0.2893 0.4404 0.8637 0.4103
85.0 0.0 0.2717 0.2719 0.1521 0.201 0.2309 0.802 0.2548
90.0 0.0 0.217 0.1744 0.0413 0.13 0.0794 0.5998 0.1402
95.0 0.0 0.1382 0.1167 0.0059 0.086 0.0253 0.2896 0.0644
100.0 0.0 0.0 0.0811 0.0 0.0633 0.0 0.0 0.0
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AT A FEERA N FRFL B RS UE Low S andicE o dopt R "F%E‘E
REPEBRE AL E§ BAE2 ] > T L FYCDE S BN F o G
o AP * fimeasure 1T G A B SlciE 2 R o

T AT AFHRY B LERATERRAL 2 FEH Sl T E - R
Moo RS licfe ¥ T2 6 KT R Vvljma‘a}%*fi* B i 2. f-measure B o 7 7 {#
RERENNG BTN EE S ARG R B SRS R P
Min_node purity & % 3 i 4 $ic2_ # € 4 fie i #ic a ~42 B P - Min_suggest score>

o ow B g id fomeasure B2 A o P AL FEIFRZ S L (SHc]

2~3) -
Min_node_purity; , 1<i <8 (1)
0 , 1<j<8 (2)
Min_suggest_score; 1<k<8 (3)

SR A

L% Fdthddicz B
AFTL BRI a4 e i F A 7 S AR A e T o 3
b’“r#et},%t".m.s‘—;-%oéerﬂ,u%i;\“xiﬁﬁ:}ézﬁkﬁll%ué?*—*‘m;‘q\-%é:akv:ﬂ%?ﬂ‘ﬂ%’
FFRAA-BERFLLORREIOTR R L E RrF TR A
n@s"pﬁ‘iﬂ%ﬂ*f’%gfﬁwﬁﬁviﬂ—‘“ﬁi’fﬂ# PHERMZEFTRET ERT
o FTEARY o BEHEZ AR FELFAED S NG
50,100, 200, 300,432 22 = = T4 2 {5 > &5 BRTR S AT % ¥ K T

7D
o ERIE B Rl s

\\\ﬁr
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1.0’_____‘_____|____._ ________ ’____I _____ T
09} .
08k........ .

0.7 \//

0.6 g 4o precision |
- — recall
a4 f-measure
05 ] ] ] 1 ] 1 1
50 100 150 200 250 300 350 400
amount of samples
B 19 fEHANHE? FEEPEFETELAR L RE
425 HEHAHI FRBRRFHLLE AR
precision recall f-measure
50 0.68 0.99 0.7992
100 0.66 0.99 0.792
200 0.7 0.99 0.8201
300 0.71 0.99 0.8269
429 0.71 0.99 0.8269
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dR 197 Far AT HREFIHEH L AT LB R AEERE
P de %% 2 f-measure vt F 7 o0 2 f-measure 32V I+ 0.8 R & A
FRIFEREFE L FF U pE D= B2 S bR R

FRAORECREN ISR FEFRLATEN G o SRS A

IR O ey

R RERY Y AT F AR F R AT

‘-\M-
EA
b
TR
She
4
q

R R L p R e e b FAER R DL E A g AR o F
Bl R A F AT 2 (4 (Artand Culture) 5 %] § ¢ 0 FEA KL FEFRE T

13 f4F e f-measure 0 JR A 3K 3 (Design)iE Bl g ¢ 0 H A B EATRE MY

(T E R € 7 P E 0 ffmeasure B oo d JF Fro BE A IR fRandt B HCR]
AHEBATERH2ZAREE G 2R -B 202 & 2687 AFHREHT e
%?@i\ﬁﬂl]xﬁf’rl H?vmbig(ﬁo ’ *"-r’fg'm%. fgﬁ‘@]?T@%‘ & ‘%"% °
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/o e s, A i/ “
v 44 A z
7 Z Z 7 - 7R
0.8 / 7 ﬁ _. ﬁ - 7B
0.7 "’5 ? ? 78
“ / 7 ” [e o al o
06 — % 7 Z 78 78
05 é ? g
z - B
04 17 Z 7/ .
/ 7 Y/ 78 7B
03 v ’ v A
7 Z % 78 7B
z 7 v A A
0.2 " z v A -
7z Z Z AR 7
01 ? ? 7 :3 ? 5
o iz Z 7 78 /R
@ e & 3 > N RS N
O}\@ Qea,\‘?é\ o &€ Qg}‘\ g é\z‘\ /\@‘ @&\* & ®
'25‘6 ,@}@
& <
% precision .recall ®f-measure
Bl 20~ HEHAHS PRSI 2 305 £ LR
F 26 EEHEANH FRELITFZIER AL
Artand | Design | Sports | Health | Entertainment | Travel | Family | Food | All
Culture
precision 0.55 0.58 0.8 0.84 0.51 0.82 0.73 0.82 0.71
recall 1 1 0.98 0.99 0.98 1 1 0.99 0.99
f-measure | 0.7097 | 0.7342 | 0.8809 | 0.9089 0.6709 0.9011 | 0.8439 | 0.897 | 0.8269

EAFEATEAE S B Y 0 A B3] &8 (Sports) ~ i & (Health) ~ %=z 2%
(Travel) ~ 3.5 (Family) ~ 12 2 % & (Food)# W] 3T 3o & 5 & 15 P|428 0. 84 e f-
measure & > fFut R NPT T fRF00R Y K FF2 ML E Dm0 i
PR f R PATR G T H -

@t i FF(Art and Culture) ~ 3K 35 PF & (Design) ~ B2 4R4F # (Entertainment) £F %
AR ERERARH AR G T 2 3R L A AR BRI E S = AT
0 ffmeasure &4 %] 5 0.7097 ~0.7315 2% 0.6577 - 2% 7 48p] > iz = 5
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FIX RHEAKEY

RS S SRR T LR ST SIS 2
AR T 3 ATH 0 & H% 38 e & (collaborative filtering)4a & 4p e &2 A& & *
F BRI G 0 X EFEERpR Y F P EOERGIEFRE

rEFEI - B R —*‘%’56%141 2 %+ ATE AR ] o A u Schmitt

N KRR S AW AR Y S H AR LR AR XML

e A S L EARAR R L S T AR ol Bk E L) e T
FHEROEEETELDERE fIY KRR 2 e ﬁ”%ﬁ@é”ﬂ

HERE7 A N2 EAF)E P (i 4ﬁ.+ T3 TR uE )2 [ enn
TSR] o e F A i RPI RS- BRI TR BRAH AT S

%@ﬁﬁiﬁ&’ﬁﬁéi—%ﬁi:H@@?ﬁ@Aw%z;~ﬁ@ﬁgﬁy
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