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: This study uses pre-election national survey data and a

method combining the Bayesian multilevel modeling approach
with the population information for post-stratification
(i.e., multilevel regression and post-stratification: MRP)
to predict Legislative Yuan elections in the 73 single-
member districts. Specifically, our method is consisted of
three steps: first, we construct a multilevel logistic
regression model to estimate the vote choice variables for
the Kuomintang (KMT) and Democratic Progressive Party (DPP)
candidates, respectively, given demographics and districts
of residence. Second, we post-stratify on all the variables
in the model by using the joint population distribution of
the demographic variables within each district. Third, we
then combine the above two steps and estimate the mean of
support for the KMT and DPP candidates in the district
level. Given that each district only has about 55 samples
on average, this study shows that MRP method can be
regarded as an effective tool for election prediction, as
the average absolute measurement error between the
estimates and actual vote shares is just about 5 percentage
points. In a comparison with the pre-election district-
level predictions issued by the prediction market

“xFuture” , our estimates are almost as good as the
results of “xFuture”

: Bayesian multilevel modeling; post-stratification; election

prediction; national survey; Legislative Yuan elections
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Abstract

This study uses pre-election national survey data and a method combining the Bayesian multilevel
modeling approach with the population information for post-stratification (i.e., multilevel regression and
post-stratification: MRP) to predict Legislative Yuan elections in the 73 single-member districts.
Specifically, our method is consisted of three steps: first, we construct a multilevel logistic regression model
to estimate the vote choice variables for the Kuomintang (KMT) and Democratic Progressive Party (DPP)
candidates, respectively, given demographics and districts of residence. Second, we post-stratify on all the
variables in the model by using the joint population distribution of the demographic variables within each
district. Third, we then combine the above two steps and estimate the mean of support for the KMT and
DPP candidates in the district level. Given that each district only has about 55 samples on average, this
study shows that MRP method can be regarded as an effective tool for election prediction, as the average
absolute measurement error between the estimates and actual vote shares is just about 5 percentage points.
In a comparison with the pre-election district-level predictions issued by the prediction market “xFuture”,
our estimates are almost as good as the results of “xFuture”.

Key Words: Bayesian multilevel modeling; post-stratification; election prediction; national survey;
Legislative Yuan elections
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Analyzing Candidate Selection Methods in Taiwan’s Major Political Parties

Abstract
This study analyzes the transformation of candidate selection methods in Taiwan’s major political parties for
legislative elections. Particularly, it pays special attention on the current system, “polling primary,” and
discusses its pros and cons with respect to party development. Our findings are threefold: first, the changes of
the candidate selection methods for both parties have mainly followed Taiwan’s democratic pace and become
more and more decentralized. Specifically, more and more selectorates have been included in the selection
process as the nomination systems have evolved. Second, polling primary, the way that a party delegates
power to the general public to choose its candidates, serves two major purposes—that is, to select the most
electable candidates as well as to resolve possible intra-party confrontations. Third, while the two major
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parties cannot figure out a better way to solve their “fake membership” problems, polling primary will be
regarded as the default system to nominate candidates for both parties in the near future even though it has its
own problems.
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