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Abstract

It had become an important issue for making the
efficiently performance under the limited resources to
most enterprises, especial for the topic of information
security. In this study, we intend to apply the data
mining technique to mine the optimum strategy setting
by using the clustering analysis for the log file. The
characteristics kept behind the log file can be mined
via the data mining technique, and the combination
and the sequence of the strategy for the firewall can be
obtained.

Keywords: information security, data mining, firewall,

clustering analyrsis.
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