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Abstract

Big data enhances the quantitative analysis in all kinds of data and text mining is
one of them. Identifying authors’ writing style is one popular topic of text mining.
However, the writing style can be affected by, for example, the theme and language of
articles. Take the People’s Daily, official newspaper of the Central Committee of the
Chinese Communist Party, as an example. The Chinese Communist Party attaches great
importance to the People's Daily, and has given strong guidance to the work of the
People's Daily in all periods of revolution, construction and reform. In order words,
through the text analysis of the People’s Daily, we may find the changes of
political/social environment of Chinese Communist Party, and we want to know if it is
possible to differentiate different periods of China (1949~2019) via text analysis of the
articles in the People’s Daily.

We first conduct exploratory data analysis, including characters, words, Jaccard
and Yue’s Index. Then we use cluster analysis to divide modern China into several
periods, and then compare with the results of experts' research. The research found that
the differences between the periods can be more clearly seen through the two-character
words. If the two-character words or similar indicators are used to cluster, the People's
Daily can be divided into four periods. Besides, we use multiple keyword indicators to
select representative words in each period, and we select these representative words as
explanatory variables to classify. Whether in terms of accuracy, calculation speed, or
explanatory performance, it is better than chi-square indicators or dimensionality

reduction methods.

Keywords: Writing Style, Style Change, Cluster Analysis, Keyword, Variable Selection
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