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Abstract

This paper introduces the new concept for data mining manipulation. The
research utilizes a document clustering technology to gain the homogeneous
glossaries in each article at SSCI database, and forwarding toward onto the literature
cluster assay. To select the term frequency indexes which generated by the glossaries
aggregation as the parameters of the Self-Organization Map (SOM) network,
proceeding the network neuron automatic clustering function, it is to strengthen the
discovering ability through the historical tracking and gathering the results from
various research domain, and forecasting the future possible research tendency.
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3 F 3 (mutual informatlon) ~ @5 & (term strength ) %2 < & 4f
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% & (Satlon & Buckley, 1988) ° 7“}% v;gkl/v BRELERZEMZ T
% (information entropy ) S FIZH G A#H S E A ko AR R
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o A rrn BRI T EFRRDBRGRET igwaln\éxﬁ*sﬂ (Aas
& Eikvil, 1999) - R HFR L& E P (feature selection) % i o T 7
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TG, e T %é“ﬁ Z A E BT Ayt o 2 B 5 4 (document
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2297 0 FHE $96935BF 2 3 HY £ 3 2473 @ fanah %5720
Box HP @& (doand~or~as) ~ 73 (4 :a~the) ~ 14 4
(4= > at ~above) ~35% 3 (4 @ some -~ specific) + 3831 @& # F 4L 4 47
WARH LR & o Fpt A #”f otk o 3R * 5,337 i B (T GRS o
22 FHEHERE A
T LA A i | Rl | 53 k| ¢ K
SSCI » g3 5 T & 5,337 5,720 96,935 554
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BAERBE ER S ORGP WALE I B RERFPRE
&L FEL UL‘L%?JZW;; %R TF-IDFfEE s 5 g A2 L2373
Bt 7 A ROk dF (Yang & Pedersen, 1997) » A7 F % iBF R4
P EEE LT ZOF R mmﬁﬂﬁ'ﬁﬁﬁ%%ﬁﬁ
Case > 4r¥ @ MIAF F i X » 3 E @04 o (2 h IR FAE
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o (3)i £ TF-IDF= % » @ At € 4 7 2 4o 2 (4) %77

ti= (Wio, Wiz, .., Wij, ..., Win-1, P (W | Co), ..., p (W | Cpaa))

gt 2 Bl W TF- IDFfﬁw’*“261;‘?ﬁ :
S PR TR-IDFHEE A 45 > % £ 6% 15331 45 e o
RPN R0.98% 0 * LT - BIFEAHER ERA AT o

(=) #FRERAHT
B53 M 4z ? » 2 Vwpd NEF IR AR- K2R 0 & E
SF - AGRRY AT EPRLEEY B Z}@%&Pﬁﬁ@;gﬁ » ]
[t T 1* 3 3 phi lfsgx (adjusted phi coefficient) 35 @ 4 4p i
BoOTEMNEFFRER -

S %%333‘?@ * » %% (Baker & McCallum,
1998) - Ak RGP R EBEEPE S AP p R AN ERE 0§
HHE D ERE LA RS B R EAAFEE - Iy
AP B e o™ £ 3977

FRE AT L FAcF290 T o F A0 015E 4] 0 0.6537 o § #xes
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%3 PFHGFRpM GiEL(300)
ABILITY|ACCOUNT |ACCURACY |ACCURATE| ACHIEVE |ACQUIRE|ACQUIRED
ABILITY 1 0.494 0.528 0.555 0.523 0.496 0.546
ACCOUNT | 0.494 1 0.514 0.511 0.502 0.478 0.48
ACCURACY| 0.528 0.514 1 0.558 0.545 0.461 0.481
ACCURATE| 0.555 0.511 0.558 1 0.475 0.508 0.484
ACHIEVE 0.523 0.502 0.545 0.475 1 0.536 0.509
ACQUIRE 0.496 0.478 0.461 0.508 0.536 1 0.558
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SUPPORT !
VECTOR 4 | !
= | ! L
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PROGRAM /
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COMPUTER
INFORMATION ;
| | i | |
1.0 0.8 ] X . .
<0.653 I 0o 04
}
Similarity Index Adjusted PHI Coefficient (Occurrence)
B2 #REAFERT LE
P%%»%ﬁ’r’ﬁ\“x’ﬁ&'z 3»3]“%\?? :&ﬁ‘af’fér’ﬁ_
s B?; £ 2@ 5 A s 4eeconomic ~ financial ~ forecast ~ future ~

investigate ~ market % 3
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33

24 PREEEH L
FREQUENCY|% SHOWN | % PROCESSED | % TOTAL | NB CASES | % CASES | TF - IDF

NEURAL NETWORK 389 1.2% 0.7% 0.4% 96 17.3% 296.1
WEB/CONTEXT/DOCUMENT QUERY 687 2.1% 1.3% 0.7% 207 37.4% 293.7
LANGUAGE & LINGUISTICS 420 1.3% 0.8% 0.4% 111 20.0% 293.2
MODEL 645 2.0% 1.2% 0.7% 198 35.7% 288.2
OPTIMAL PROBLEM 1057 3.3% 1.9% 1.1% 296 53.4% 287.7
EDUCATION 386 1.2% 0.7% 0.4% 102 18.4% 283.7
ACCURACY PREDICTION 688 2.1% 1.3% 0.7% 222 40.1% 273.2
INFORMATION RETRIEVAL 651 2.0% 1.2% 0.7% 211 38.1% 272.9
WORD EXTRACT 582 1.8% 1.1% 0.6% 194 35.0% 265.2
TEXT CLASSIFICATION 432 1.3% 0.8% 0.4% 144 26.0% 252.8
HEALTHCARE/TREATMENT

1094 3.4% 2.0% 1.1% 328 59.2% 249
IDENTIFICATION
SVM 403 1.2% 0.7% 0.4% 134 24.2% 248.4
KNOWLEDGE PROCESS 567 1.8% 1.0% 0.6% 218 39.4% 229.7
RULE INDUCE 369 1.1% 0.7% 0.4% 138 24.9% 222.7
HAND 28 0.1% 0.1% 0.0% 16 2.9% 43.1
STRUCTURED 27 0.1% 0.0% 0.0% 17 3.1% 40.9
CONDUCT 25 0.1% 0.0% 0.0% 23 4.2% 34.5
FINALLY 25 0.1% 0.0% 0.0% 25 4.5% 33.6
WIDE 23 0.1% 0.0% 0.0% 20 3.6% 33.2
HANDLE 21 0.1% 0.0% 0.0% 16 2.9% 32.3
DEAL 21 0.1% 0.0% 0.0% 20 3.6% 30.3

TR R B AR B A 4
- ~HELS
# 2~ fmachine learning#p i ~ ;}?c m#r Y AR P

2,

PR AAZEF TR GEEEKDTHRT
organizing map network, SOM) :i& {7 7L T?ﬁp\

|

=F SEIEN
I * g

H*
SOM £ - ﬁ_,ﬂ,

foph b e g (self-
45 (non

supervised) B3 e 0N 0 419804 J Kohonendt 91 » H i & P oe-FORE

A L EE A R SR

12 A -

B fod ek ph S e B

¢ oo dpi K (topology level ) ehsg#l (g~ f el en V5] > ¥ 0 45 p
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aumﬁiﬂ/\ravg » oM FER uiB’»;lJF%ﬁ’fﬁ}t B A B &nﬁkxg ) m&,gﬁg ¥ =gl
HESERERE e B T, G R ES TR (topolog|cal
structure ) Ef;mé_ﬁi%] N o d A S i R RIT R },{%ﬁﬂz\ W &
j\ﬁ/ﬁv:}irji;:’ FIPU AT 5 SR o e g o
@%WWMHMﬂA%@ﬂFfw»wa%ﬁﬁﬁﬁu—aaég;ﬁmﬁ

ehme B b AT e A B A Y 3 B PARE B R E R
I S ﬁr#u%ﬁJmﬁH’B@%W%% Ber 3l 7 etk
mﬁﬁ’ﬁﬁ*&ﬂﬁ EAMIRFT FREREYREL  Hwlli o
AT § & AP R o )]*{#‘f:’ﬁ ip iR AEF il SR o d 2> SOM
m#ﬂmh PR ETRAIEFIHE TP URRE ATRRESE -

DR - R BB AR 0 B A I g R ARTT A1
Eﬁ%%%&&ﬁéﬂﬁﬁﬁﬁﬁﬁgﬂ%%mwﬁ@ﬁ’@ﬂ&%ﬁﬁ%
e e BT o

._,V

Input Layer 1,075 neurons
Output Layer 10 neurons
Input Field 118 fields
Instances 554 instances
Learning rate decay Linear
Neighborhood 2

Initial Eta 0.1

Cycles 150

l’?
HELHLPRABEN T BEFRER N FRAREHEL L &
g gk R (Bl 4657 -
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